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Abstract: In recent years, session-based recommendation methods have attracted extensive attention from
academics. With the continuous development of deep learning techniques, different model structures have been used
in session-based recommendation methods, such as Recurrent Neural Networks, Attention Mechanism, and Graph
Neural Networks. This paper conducts a detailed analysis, classification, and comparison over these models, and ex-
pounds on the target problems and shortcomings of these methods. In particular, this paper first compares the ses-
sion-based recommendation methods with the traditional recommendation methods, and expounds the main advanta-
ges and disadvantages of the session-based recommendation methods through investigation. Subsequently, this paper
details how complex data and information are modeled in session-based recommendation models, as well as the
problems that these models can solve. Finally, this paper discusses and ideatifies the challenges and potential re-
search directions in session-based recommendations.
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